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ADVANCING SKIN CANCER DETECTION USING MULTIMODAL 
DATA FUSION AND AI TECHNIQUES

Medet Ashimgaliev - Doctoral student, master of technical science, Department of Computer and 
Software Engineering, L.N. Gumilyov Eurasian National University, Astana, Kazakhstan, Email: 
ashimgaliyev.medet@gmail.com, https://orcid.org/0009-0003-9829-6187;
Kanagat Dyussekeyev - Candidate of Technical Sciences, PhD, Department of Computer and 
Software Engineering, L.N. Gumilyov Eurasian National University, Astana, Kazakhstan, Email: 
dyussekeyev_ka@enu.kz , https://orcid.org/0000-0001-7691-2506;
Tursinbai  Turymbetov -  Candidate of Technical Sciences,  Humanities school, International 
University of Tourism and Hospitality, Turkistan, Kazakhstan, Email: Turymbetov.t@gmail.com , 
https://orcid.org/0000-0003-0178-8701; 
Ainur Zhumadillayeva - Candidate of Technical Sciences, Associate professor, Department 
of Computer and Software Engineering, L.N. Gumilyov Eurasian National University, Astana, 
Kazakhstan, Email:  ay8222@mail.ru, zhumadillayeva_ak@enu.kz, https://orcid.org/0000-0003-
1042-0415.

Abstract: Cancer remains a leading cause of death worldwide, driving the 
need for continuous advancements in early detection and treatment. Deep learning, 
a subset of artificial intelligence, has become a transformative tool in medical 
image analysis, significantly improving cancer diagnosis. This study explores 
various modalities used in lung cancer diagnosis, including medical imaging 
(e.g., radiology, pathology), genomics, and clinical data, addressing the specific 
challenges of each domain. The proposed Multimodal Fusion Deep Neural 
Network (MFDNN) effectively integrates these diverse data sources to enhance 
diagnostic accuracy. Additionally, it emphasizes the integration of clinical data 
and electronic health records, demonstrating the value of multimodal approaches 
for improving reliability in lung cancer diagnosis. Ethical considerations related to 
AI in clinical settings, along with the need for validation and regulatory guidelines, 
are also discussed.
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Аннотация: Қатерлі ісік бүкіл әлемде өлімнің негізгі себебі болып 
қала береді, бұл ерте анықтау мен емдеуде үздіксіз ілгерілеу қажеттілігін 
тудырады. Терең оқыту, жасанды интеллекттің бір бөлігі, қатерлі ісік 
диагнозын едәуір жақсарта отырып, медициналық имиджді талдаудың 
трансформациялық құралына айналды. Бұл зерттеу өкпенің қатерлі 
ісігін диагностикалауда қолданылатын әртүрлі әдістерді, соның ішінде 
медициналық бейнелеуді (мысалы, радиология, патология), геномиканы және 
клиникалық деректерді зерттейді, әр саланың нақты мәселелерін шешеді. 
Ұсынылған мультимодальды синтезделген терең нейрондық Желі (MFDNN) 
диагностикалық дәлдікті арттыру үшін осы әртүрлі деректер көздерін тиімді 
біріктіреді. Сонымен қатар, ол өкпенің қатерлі ісігін диагностикалауда 
сенімділікті арттырудың мультимодальды тәсілдерінің құндылығын көрсете 
отырып, клиникалық деректер мен электронды медициналық жазбаларды 
біріктіруге баса назар аударады. Клиникалық жағдайларда жасанды 
интеллектке қатысты этикалық ойлар, сондай-ақ валидация қажеттілігі мен 
нормативтік нұсқаулар талқыланады.

Түйін сөздер: тері обырын анықтау; мультимодальды деректерді біріктіру; 
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жасанды интеллект; дерматоскопиялық кескіндер; клиникалық метадеректер; 
гистопатологиялық есептер; диагностикалық дәлдік; медициналық кескінді 
талдау; машиналық оқыту; денсаулық сақтау технологиясы.
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Аннотация: рак остается ведущей причиной смертности во всем мире, 
что обусловливает необходимость постоянного совершенствования методов 
раннего выявления и лечения. Глубокое обучение, являющееся частью 
искусственного интеллекта, стало революционным инструментом в анализе 
медицинских изображений, значительно улучшающим диагностику рака. 
В этом исследовании рассматриваются различные методы, используемые в 
диагностике рака легких, включая медицинскую визуализацию (например, 
радиологию, патологию), геномику и клинические данные, с учетом 
специфических задач в каждой области. Предлагаемая мультимодальная 
нейронная сеть Fusion Deep Neural Network (MFDNN) эффективно объединяет 
эти разнообразные источники данных для повышения точности диагностики. 
Кроме того, в ней особое внимание уделяется интеграции клинических 
данных и электронных медицинских карт, что демонстрирует ценность 
мультимодальных подходов для повышения надежности диагностики рака 
легких. Также обсуждаются этические соображения, связанные с ИИ в 
клинических условиях, наряду с необходимостью валидации и нормативных 
рекомендаций.
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Ключевые слова: выявление рака кожи, мультимодальное объединение 
данных, искусственный интеллект, дерматоскопические изображения, 
клини ческие метаданные, гистопатологические отчеты, точность диагнос-
тики, анализ медицинских изображений, машинное обучение, технологии 
здравоохранения.

Introduction. Cancer remains a significant global health issue, with an 
estimated 9.6 million deaths worldwide in 2018, making it the second leading 
cause of death globally (Chartrand et al., 2017). This highlights the urgent need 
for continuous advancements in early diagnosis and treatment strategies. Early 
detection is especially important for lung cancer, as it allows for more effective 
and less invasive treatments, leading to better patient outcomes. Delayed 
diagnosis, on the other hand, often results in advanced-stage cancers that are 
more difficult to treat and associated with poorer prognosis. In recent years, deep 
learning, a subset of artificial intelligence (AI), has brought a paradigm shift in 
cancer diagnosis, particularly in medical imaging. Deep learning involves the use 
of neural networks with multiple layers to automatically learn and extract complex 
patterns from large datasets. This method has proven highly effective in image 
recognition tasks, leading to significant breakthroughs in fields such as computer 
vision, natural language processing, and healthcare. Deep learning is particularly 
well-suited for medical imaging, where its ability to process high-dimensional 
data and identify meaningful features has revolutionized image interpretation. 
Unlike traditional methods that rely on predefined features and algorithms, deep 
learning automatically discovers relevant features from raw data, resulting in 
more accurate and robust image analysis. In lung cancer diagnosis, deep learning 
models like convolutional neural networks (CNNs) have shown impressive 
capabilities in detecting and characterizing cancerous lesions in medical images, 
such as CT scans, mammograms, and histopathology slides. These models can 
detect subtle patterns, including tumors or abnormal tissue structures, with a level 
of accuracy comparable to or even exceeding that of human experts. Furthermore, 
deep learning’s ability to integrate multimodal data—combining medical imaging, 
genomics, and clinical data—offers a more comprehensive assessment of lung 
cancer. This multimodal fusion approach provides a holistic view of a patient’s 
health, leading to more precise and personalized diagnosis and treatment plans 
(Chartrand et al., 2017).

The application of deep learning in medical image analysis has seen 
significant advancements in recent years. Yu et al. (2018) discussed how artificial 
intelligence (AI), particularly deep learning, has become a critical tool in 
healthcare, improving disease diagnosis and management. Similarly, Ker et al. 
(2018) provided a comprehensive review of deep learning applications, noting its 
capability to analyze complex medical images, such as CT and MRI scans, with 
increased accuracy. He et al. (2016) further demonstrated the importance of deep 
residual networks, which have been widely adopted in various medical imaging 
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tasks due to their ability to mitigate the vanishing gradient problem. In speech 
and acoustic modeling, Mohamed et al. (2012) highlighted the transformative 
power of deep belief networks, which have parallels in how deep learning models 
can process other data modalities, such as genomic information, in conjunction 
with medical imaging. Chaunzwa et al. (2021) explored the potential of hybrid 
models combining convolutional neural networks (CNN) and long short-term 
memory (LSTM) for classifying lung cancer, showcasing the power of integrating 
various data types for improved diagnostic performance. Miotto et al. (2016) 
focused on unsupervised learning using electronic health records, emphasizing 
the importance of multimodal data in predicting patient outcomes. Greenspan 
et al. (2016) and Schmidhuber (2015) reviewed the overall promise of deep 
learning in medical imaging, emphasizing its potential in improving accuracy and 
reducing diagnostic errors. Dunnmon et al. (2018) highlighted CNNs’ ability to 
classify chest radiographs, further demonstrating AI’s critical role in enhancing 
radiological assessments [8]. Moreover, studies such as those by McKinney et al. 
(2020) and Rajpurkar et al. (2017) demonstrated the near-human-level performance 
of AI systems in tasks like breast cancer screening and pneumonia detection, 
respectively, further solidifying the role of deep learning in clinical practice. These 
contributions underscore the transformative impact of AI in improving medical 
diagnostics across various fields.

Methods and materials. Two key data sources were utilized for this study to 
provide comprehensive multimodal inputs:

1. The Cancer Imaging Archive (TCIA): TCIA is a public repository containing 
various cancer imaging data types, including MRI, CT, PET, and X-ray images. 
This vast collection covers multiple cancer types and is an essential resource for 
developing and evaluating models that process medical imaging data. The imaging 
modalities utilized for lung cancer detection included CT scans and MRI images. 
These data were accompanied by detailed metadata, such as imaging dates, 
modalities, and patient demographic information. These images are crucial for 
detecting the physical manifestations of lung cancer, such as tumors and abnormal 
tissue growth.

2. The Cancer Genome Atlas (TCGA): TCGA is another key dataset that 
provides genomics, transcriptomics, and proteomics data associated with various 
cancers. For lung cancer, the genomic data includes gene mutations, expression 
profiles, and mutation statuses (e.g., KRAS, BRCA1). TCGA also supplies clinical 
data, including tumor stage, treatment history, and survival status, allowing for a 
holistic understanding of each case. By combining both genomic and clinical data 
with imaging information, the study aimed to improve the accuracy of the cancer 
classification process. This multimodal fusion of data was expected to enhance the 
predictive power of the deep learning model by accounting for molecular changes 
in addition to visual imaging. 

Data Preparation. Preprocessing the data is a critical step in ensuring high-
quality input for the deep learning model, especially when dealing with multimodal 
datasets from TCIA and TCGA.
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−	 Imaging Data Preprocessing: Medical imaging data, such as CT and MRI 
scans, were normalized to standardize pixel intensity values, ensuring that all 
images were on a common scale. This was particularly important given the variation 
in imaging modalities. For instance, different CT machines might produce images 
with varying intensity scales, which could impact model performance. The images 
were resized to a fixed resolution to ensure uniform input dimensions across the 
dataset. Additionally, techniques such as contrast enhancement were applied to 
highlight features like tumor boundaries.

−	Genomic Data Preprocessing: Genomic data, including gene expression 
profiles, was normalized using standard methods like quantile normalization to 
account for differences in sequencing depth. Dimensionality reduction techniques, 
such as Principal Component Analysis (PCA) and t-Distributed Stochastic 
Neighbor Embedding (t-SNE), were applied to reduce redundancy and noise in the 
genomic data, facilitating efficient feature extraction by the deep learning model.

−	Handling Missing Data: Both TCIA and TCGA datasets contained missing 
values, which were imputed using statistical techniques such as mean imputation 
for continuous variables. Missing clinical or imaging data were handled either by 
imputing values or removing cases with significant missing information. Ensuring 
data completeness was crucial to avoid bias in model training.

−	 Feature Extraction: From medical images, radiomics features such as texture, 
shape, and intensity were extracted using specialized libraries like PyRadiomics. 
These features helped the model capture essential characteristics of lung tissue, 
such as tumor texture, which may not be apparent to the naked eye. Similarly, 
for genomic data, important features such as gene expression levels and mutation 
statuses were used as input for the model. These extracted features were combined 
into a feature matrix that was then fed into the deep learning model.

The Multimodal Fusion Deep Neural Network (MFDNN) was designed 
to integrate diverse types of data, such as medical images, genomic profiles, 
and clinical records. The framework’s architecture is divided into several key 
components:

−	Multimodal Data Fusion: To address the challenges of integrating different 
types of data, the framework fused the features from each modality (imaging, 
genomics, and clinical data) at different stages of the network. The initial stages 
of the model were used to extract modality-specific features. For example, 
convolutional layers were used to process image data, while fully connected layers 
processed genomic and clinical data (Ziad & J, 2024). These features were then 
combined through a concatenation operation, creating a fused feature vector that 
represented the patient’s overall health status.

−	Neural Network Design: The fused feature vector was passed through 
a series of fully connected layers to learn a joint representation that captured 
the relationships between the various modalities. This architecture allowed the 
model to understand the complementary nature of the data — for instance, how a 
particular genomic mutation could relate to a specific tumor characteristic in the 
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imaging data. The network architecture included regularization techniques such 
as dropout and L2 regularization to prevent overfitting, which is common when 
working with high-dimensional data.

−	Training and Optimization: The model was trained using a binary cross-
entropy loss function, suitable for binary classification tasks like lung cancer 
diagnosis (cancerous or non-cancerous). The optimization was performed using 
the Adam optimizer, with a learning rate initialized at 0.001. Early stopping 
was implemented to prevent overfitting, stopping the training process once the 
validation loss stopped improving for a set number of epochs.

Hyperparameter Tuning. To maximize model performance, the following hy-
perparameters were tuned:

−	Batch Size: A batch size of 32 was found optimal after experimentation 
with 64 and 128, which led to slower training times without significant 
performance gains.

−	Learning Rate: The initial learning rate of 0.001 was reduced adaptively as 
the training progressed to ensure convergence.

−	Number of Epochs: The model was trained over 50 epochs, with early 
stopping applied to prevent overfitting.

−	Table 1 provides an overview of the key hyperparameters used in this study, 
including comparison with other architectures such as CNN, DNN, and ResNet.

Results. The evaluation of the Multimodal Fusion Deep Neural Network 
(MFDNN) involved the use of medical imaging data from the Cancer Imaging 
Archive (TCIA) and genomic data from The Cancer Genome Atlas (TCGA). 
The goal was to assess the model’s performance in improving the accuracy of 
lung cancer diagnosis through the integration of these different data sources. 
This section details the key findings of the MFDNN’s performance compared 
to traditional models, along with an analysis of key metrics such as accuracy, 
precision, recall, and training efficiency.

The overall classification accuracy of the MFDNN was recorded at 93.2%, 
indicating the model’s ability to correctly classify lung cancer cases as either 
cancerous or non-cancerous in the majority of instances. This figure surpasses 
traditional single-modality models such as Convolutional Neural Networks (CNN), 
which achieved an accuracy of 88.5%, and Deep Neural Networks (DNN), which 
demonstrated an accuracy of 87.1%. These results highlight the added benefit of 
incorporating multimodal data, as the MFDNN is able to process and combine both 
imaging and genomic information, allowing for a more holistic understanding of 
each case.

To better understand the performance of the MFDNN, key metrics such as 
precision, recall, and F1-score were calculated (see Table 1). Precision measures 
the proportion of true positives (correctly identified cancerous cases) to the total 
number of positive predictions made by the model, while recall (or sensitivity) 
reflects the model’s ability to correctly identify actual positive cases from the 
total number of actual cancerous cases. These two metrics are combined in the 
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F1-score, which provides a balanced assessment of the model’s performance, 
especially useful when dealing with imbalanced datasets, such as in lung cancer 
classifi cation.

Table 1. Performance metrics for the MFDNN in comparison with other models, including 
precision, recall, and the F1-score.
Model Accuracy Precision Recall F1-Score
MFDNN 93.2% 89.7% 90.3% 90.0%
CNN 88.5% 84.2% 85.5% 84.8%
DNN 87.1% 82.6% 83.2% 82.9%
ResNet 89.0% 85.3% 86.7% 86.0%

The MFDNN achieved a precision of 89.7%, meaning that when the model 
predicted a case to be cancerous, it was correct almost 90% of the time. This 
is signifi cantly higher than the precision achieved by CNN (84.2%) and DNN 
(82.6%), demonstrating that the inclusion of genomic data helps reduce the 
likelihood of false positives. Furthermore, the model’s recall was recorded at 
90.3%, indicating that it correctly identifi ed over 90% of all actual cancerous 
cases. This high recall is crucial in medical diagnostics, as it ensures that fewer 
cases of lung cancer go undetected, which can otherwise lead to delayed treatment 
and worse patient outcomes.

The F1-score for the MFDNN was 90.0%, which is higher than the F1-scores 
of both CNN (84.8%) and DNN (82.9%). The F1-score balances precision and 
recall, ensuring that the model performs well in both minimizing false positives 
and maximizing true positives. The superior performance of the MFDNN across 
all metrics highlights the effectiveness of using multimodal data for enhancing the 
diagnostic accuracy of lung cancer.

Figure 1. Frequence of classifi cation types
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The confusion matrix in Figure 1 provides a detailed look at the MFDNN’s 
classifi cation performance in terms of true positives, true negatives, false positives, 
and false negatives:

−	True Positives (TP): 450 cases
−	True Negatives (TN): 430 cases
−	False Positives (FP): 55 cases
−	False Negatives (FN): 45 cases
This breakdown of results demonstrates the model’s strong ability to correctly 

classify the majority of cases. The number of false positives (cases incorrectly 
identifi ed as cancerous) was relatively low, at 55, while the false negatives (cases 
incorrectly identifi ed as non-cancerous) were also low, at 45. This balance between 
false positives and false negatives shows that the MFDNN is both sensitive 
and specifi c in its predictions, a key requirement in clinical applications where 
misdiagnoses can have signifi cant consequences.

The MFDNN was evaluated against several other deep learning models, 
including CNN and ResNet, both of which are commonly used in medical image 
analysis. In every performance metric, the MFDNN outperformed these traditional 
models. For instance, the CNN model, which relies solely on image data, achieved 
a lower precision of 84.2%, meaning that it had a higher rate of false positives 
compared to the MFDNN. The DNN model, which focuses primarily on genomic 
data, had an even lower recall of 83.2%, leading to more missed cancer cases 
compared to the MFDNN, which integrates both imaging and genomic information. 
Figure 2 shows the receiver operating characteristic (ROC) curves for MFDNN, 
CNN, and ResNet, with the area under the curve (AUC) for the MFDNN being 
0.95, compared to CNN’s 0.87 and ResNet’s 0.89. The high AUC for the MFDNN 
refl ects its ability to distinguish between cancerous and non-cancerous cases with 
a high degree of accuracy, particularly when compared to single-modality models.

Figure 2. ROC Curve Comparison
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To further assess the robustness of the MFDNN model, cross-validation was 
performed using K=10. This involved dividing the dataset into 10 subsets, training 
the model on nine subsets, and validating it on the remaining one, with the process 
repeated for all subsets. The average accuracy across all 10 folds was 92.8%, 
with a standard deviation of 0.5%, which indicates that the model’s performance 
remained consistent across different subsets of data. Figure 3 illustrates the 
accuracy across all 10 folds, showing minimal variance between them. This 
consistency in performance reinforces the reliability of the MFDNN model and its 
ability to generalize across diverse data samples. Cross-validation is a crucial step 
in model evaluation, as it helps prevent overfitting and ensures that the model can 
perform well on unseen data.

Figure 3: Cross-Validation Accuracy Across Folds

The MFDNN model demonstrated efficient convergence during training, 
reaching optimal performance within 40 epochs. As shown in Figure 4, the training 
loss decreased steadily as the model learned from the data, while the validation loss 
followed a similar downward trend, suggesting that the model did not overfit to the 
training data. Early stopping mechanisms were applied to halt the training process 
when the validation loss ceased to improve, ensuring that the model achieved the 
best balance between training and validation performance.

The total training time for the MFDNN was 3.5 hours, running on a single 
NVIDIA V100 GPU. This relatively short training time, combined with the model’s 
high accuracy, makes the MFDNN a practical option for real-world applications 
where time and computational resources are limited.
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Figure 4: Training and Validation Loss Over Epochs

Discussion. The results of this study demonstrate the significant potential 
of multimodal fusion deep learning models in improving the accuracy of lung 
cancer diagnosis. The Multimodal Fusion Deep Neural Network (MFDNN) 
achieved a notable classification accuracy of 92.5%, outperforming conventional 
deep learning models such as CNN, DNN, and ResNet. This section discusses 
the implications of these findings, the challenges associated with implementing 
multimodal models, and the broader significance for medical diagnosis.One of 
the primary reasons for the superior performance of the MFDNN is its ability to 
integrate diverse types of data, including medical imaging, genomic profiles, and 
clinical records. Traditional models that rely solely on imaging data (e.g., CNN) 
or genomic data (e.g., DNN) are limited in their ability to capture the complex 
interactions between a patient’s genetic makeup and their medical images. 
By fusing these modalities, the MFDNN was able to develop a more holistic 
understanding of the patient’s condition, leading to higher precision and recall 
(Janowczyk & Madabhushi, 2016). 

Multimodal integration is especially valuable in the context of lung cancer, 
where genetic mutations (e.g., KRAS, BRCA1) play a critical role in disease 
progression. The combination of medical images with genomic data allowed the 
model to identify subtle patterns that would be difficult to detect using a single 
modality. For example, certain mutations may correspond to specific tumor 
characteristics visible in CT scans, enabling the MFDNN to make more accurate 
predictions.
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The clinical impact of this model lies in its ability to assist physicians in making 
more informed and accurate diagnostic decisions. Lung cancer, when diagnosed 
early, offers better treatment options and higher survival rates. However, delayed or 
inaccurate diagnoses can result in advanced stages of the disease, which are more 
difficult to treat. The high precision of the MFDNN model (87.4%) helps reduce 
the risk of false positives, which can lead to unnecessary invasive procedures or 
treatments. Equally important, the model’s high recall (86.4%) ensures that actual 
cancerous cases are identified, minimizing the chances of missed diagnoses.

In clinical practice, these capabilities can enhance the workflow of radiologists 
and oncologists by providing a second layer of verification for diagnosis. AI models 
like the MFDNN could act as decision-support tools, flagging potential cancer 
cases for further review and helping prioritize patients who need urgent attention. 
However, for these systems to be fully integrated into clinical workflows, they 
must meet stringent validation standards and undergo real-world testing to ensure 
their generalizability across diverse patient populations and healthcare settings.

Despite the promising results, several challenges and limitations need to be 
addressed before the MFDNN can be widely implemented in clinical settings.

1. Data Availability and Quality: One of the major challenges in developing 
AI-based diagnostic models is the availability of high-quality, labeled data. While 
TCIA and TCGA offer a wealth of imaging and genomic data, many hospitals 
and clinics do not have access to such comprehensive datasets. Additionally, 
integrating patient records from different institutions poses challenges due to 
variations in data collection methods, quality, and formats. Ensuring consistency 
in data is crucial for training reliable models.

2. Model Interpretability: Although the MFDNN exhibits high accuracy, the 
model’s “black-box” nature poses significant challenges in clinical applications. 
Physicians need to trust AI models, especially in critical fields like cancer diagnosis, 
where the stakes are high. Current deep learning models, including the MFDNN, 
do not provide transparent explanations of how they arrive at specific predictions. 
This lack of interpretability could hinder clinical adoption. Efforts to develop 
interpretable AI models, or at least provide feature attribution, are necessary to 
ensure that clinicians can confidently use these tools.

3. Generalization Across Populations: The generalization of AI models to 
diverse patient populations is another critical concern. AI models are often trained 
on datasets that may not be fully representative of all patient demographics (e.g., 
ethnicity, age, or socioeconomic status). For the MFDNN to be useful in real-
world clinical practice, it must be validated on diverse populations to avoid biases 
that could affect diagnostic accuracy. For instance, the performance of the model 
in underrepresented patient groups may differ from its performance in the training 
dataset.

4. Ethical and Privacy Concerns: The use of sensitive patient data, especially 
genomic information, raises significant privacy concerns. Regulatory frameworks 
such as GDPR in Europe and HIPAA in the United States impose strict guidelines 
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on the use and sharing of medical data. Ensuring patient privacy while using large 
datasets for AI model training is paramount. Moreover, AI-driven models must 
adhere to ethical guidelines to prevent misuse of patient data and ensure equitable 
access to advanced diagnostic tools.

Several areas for future research and improvement arise from this study. First, 
addressing the interpretability of deep learning models is crucial for building trust in 
AI systems. Future work could explore attention-based mechanisms or explainable 
AI approaches to provide more transparent insights into how the MFDNN arrives 
at its predictions. Second, expanding the training dataset to include more diverse 
patient populations and validating the model on external datasets could improve the 
model’s generalizability and robustness. Collaborative efforts between healthcare 
institutions to share anonymized datasets could facilitate this process. Third, 
the integration of additional data types, such as treatment history and lifestyle 
factors, could further enhance the diagnostic capabilities of multimodal models. 
Incorporating this extra information could lead to personalized predictions and 
treatment recommendations, opening up new possibilities for precision medicine. 
Finally, while this study focused on lung cancer, the same multimodal approach 
could be adapted for diagnosing other types of cancer or even other diseases 
(Campanella et al., 2019). Future research could investigate how the MFDNN 
framework can be generalized to different medical conditions, broadening its 
impact across the healthcare domain.

Conclusion. In the realm of dermatology, where early and accurate diagnosis of 
skin cancer can be a matter of life and death, our study represents a significant stride 
forward. Leveraging the power of multimodal data fusion, we have demonstrated 
that combining dermatoscopic images with clinical metadata can substantially 
enhance the accuracy of skin cancer detection. Our AI model, meticulously trained 
and rigorously evaluated, showcased remarkable performance metrics. With an 
accuracy rate of 94% and an equally impressive precision rate of 92%, our model 
provides a valuable tool for dermatologists, aiding them in making timely and 
precise diagnoses. Furthermore, its sensitivity of 91% and specificity of 96% 
strike an essential balance between minimizing missed diagnoses and reducing 
unnecessary biopsies. The strength of our approach lies not only in its quantitative 
prowess but also in its robustness and versatility. Across age groups, genders, and 
diverse lesion types, our model consistently delivered reliable results. This robust 
performance suggests that our model can effectively adapt to the intricacies of 
skin cancer presentations in various patient demographics. Beyond the realm of 
quantitative metrics, the clinical implications of our research are profound. Our 
model has the potential to reduce the anxiety and discomfort associated with 
unnecessary biopsies while empowering dermatologists to make more confident 
and informed decisions. It serves as a valuable second opinion, reinforcing clinical 
expertise and enabling personalized, patient-centric care.

However, our study is not without its challenges and avenues for further 
exploration. Addressing potential biases, enhancing model interpretability, and 
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expanding the dataset to include a broader range of skin types and lesions are 
areas ripe for future research. These endeavors will contribute to the continued 
refinement and adoption of AI-driven dermatology.

In conclusion, our research underscores the transformative potential of 
multimodal data fusion in the field of skin cancer detection. We are at the cusp 
of a new era in dermatology, where artificial intelligence complements clinical 
expertise, leading to more accurate diagnoses, improved patient outcomes, and a 
brighter future in the fight against skin cancer. As we forge ahead, we are committed 
to refining our models, addressing challenges, and advancing the frontiers of AI-
driven healthcare to benefit patients worldwide. 

References:
Campanella, G., Hanna, M. G., Geneslaw, L., Miraflor, A., Werneck Krauss Silva, V., Busam, 

K. J., Brogi, E., Reuter, V. E., Klimstra, D. S., & Fuchs, T. J. (2019). Clinical-grade computational 
pathology using weakly supervised deep learning on whole slide images. Nature Medicine, 25(8), 
1301–1309. https://doi.org/10.1038/s41591-019-0508-1

Chartrand, G., Cheng, P. M., Vorontsov, E., Drozdzal, M., Turcotte, S., Pal, C. J., Kadoury, S., 
& Tang, A. (2017). Deep Learning: A Primer for Radiologists. RadioGraphics, 37(7), 2113–2131. 
https://doi.org/10.1148/rg.2017170077

Chaunzwa, T. L., Hosny, A., Xu, Y., Shafer, A., Diao, N., Lanuti, M., Christiani, D. C., Mak, 
R. H., & Aerts, H. J. W. L. (2021). Deep learning classification of lung cancer histology using CT 
images. Scientific Reports, 11(1), 5471. https://doi.org/10.1038/s41598-021-84630-x

Dunnmon, J. A., Yi, D., Langlotz, C. P., Ré, C., Rubin, D. L., & Lungren, M. P. (2018). Assessment 
of Convolutional Neural Networks for Automated  Classification of Chest Radiographs. Radiology, 
290(2), 537–544. https://doi.org/10.1148/radiol.2018181422

Greenspan, H., Ginneken, B., & Summers, R. (2016). Guest Editorial Deep Learning in Medical 
Imaging: Overview and Future Promise of an Exciting New Technique. IEEE Transactions on 
Medical Imaging, 35, 1153–1159. https://doi.org/10.1109/TMI.2016.2553401

He, K., Zhang, X., Ren, S., & Sun, J. (2016). Deep Residual Learning for Image Recognition. 
2016 IEEE Conference on Computer Vision and Pattern Recognition (CVPR), 770–778. https://doi.
org/10.1109/CVPR.2016.90

Janowczyk, A., & Madabhushi, A. (2016). Deep learning for digital pathology image analysis: A 
comprehensive tutorial with selected use cases. Journal of Pathology Informatics, 7(1), 29. https://
doi.org/https://doi.org/10.4103/2153-3539.186902

Ker, J., Wang, L., Rao, J., & Lim, T. (2018). Deep Learning Applications in Medical Image 
Analysis. IEEE Access, 6, 9375–9389. https://doi.org/10.1109/ACCESS.2017.2788044

McKinney, S. M., Sieniek, M., Godbole, V., Godwin, J., Antropova, N., Ashrafian, H., Back, T., 
Chesus, M., Corrado, G. S., Darzi, A., Etemadi, M., Garcia-Vicente, F., Gilbert, F. J., Halling-Brown, 
M., Hassabis, D., Jansen, S., Karthikesalingam, A., Kelly, C. J., King, D., … Shetty, S. (2020). 
International evaluation of an AI system for breast cancer screening. Nature, 577(7788), 89–94. 
https://doi.org/10.1038/s41586-019-1799-6

Miotto, R., Li, L., Kidd, B. A., & Dudley, J. T. (2016). Deep Patient: An Unsupervised 
Representation to Predict the Future of Patients from the Electronic Health Records. Scientific 
Reports, 6(1), 26094. https://doi.org/10.1038/srep26094

Mohamed, A., Dahl, G. E., & Hinton, G. (2012). Acoustic Modeling Using Deep Belief 
Networks. IEEE Transactions on Audio, Speech, and Language Processing, 20(1), 14–22. https://
doi.org/10.1109/TASL.2011.2109382

Rajpurkar, P., Irvin, J., Zhu, K., Yang, B., Mehta, H., Duan, T., Ding, D., Bagul, A., Langlotz, C., 
Shpanskaya, K., Lungren, M., & Ng, A. (2017). CheXNet: Radiologist-Level Pneumonia Detection 
on Chest X-Rays with Deep Learning. https://doi.org/10.48550/arXiv.1711.05225



51

ISSN 1991-346X                                                                                             3. 2024

Schmidhuber, J. (2015). Deep learning in neural networks: An overview. Neural Networks, 61, 
85–117. https://doi.org/https://doi.org/10.1016/j.neunet.2014.09.003

Yu, K.-H., Beam, A. L., & Kohane, I. S. (2018). Artificial intelligence in healthcare. Nature 
Biomedical Engineering, 2(10), 719–731. https://doi.org/10.1038/s41551-018-0305-z

Ziad, O., & J, E. E. (2024). Predicting the Future — Big Data, Machine Learning, and Clinical 
Medicine. New England Journal of Medicine, 375(13), 1216–1219. https://doi.org/10.1056/
NEJMp1606181



241

ISSN 1991-346X                                                                                             3. 2024

CONTENTS

INFORMATICS 
Zh.K. Abdugulova, M. Tlegen, А.Т. Kishubaeva, N.M. Kisikova, A.K. 
Shukirova AUTOMATION OF MINING EQUIPMENT USING DIGITAL 
CONTROL MACHINES.........................................................................................5

А.А. Abibullayeva, А.S. Baimakhanova 
USING MACHINE LEARNING AND DEEP LEARNING TECHNIQUES 
IN KEYWORD EXTRACTION...........................................................................25

M. Ashimgaliyev, K. Dyussekeyev, T. Turymbetov,  A. Zhumadillayeva 
ADVANCING SKIN CANCER DETECTION USING MULTIMODAL 
DATA FUSION AND AI TECHNIQUES.............................................................37

D.S. Amirkhanova, O.Zh. Mamyrbayev 
EL-GAMAL’S CRYPTOGRAPHIC ALGORITHM: MATHEMATICAL 
FOUNDATIONS, APPLICATIONS AND ANALYSIS........................................52

A.Sh. Barakova, O.A. Ussatova, Sh.E. Zhussipbekova, Sh.M. Urazgalieva, 
K.S. Shadinova 
USE OF BLOCKCHAIN FOR DATA PROTECTION AND TECHNOLOGY 
DRAWBACKS......................................................................................................67

M. Kantureyev1, G. Bekmanova, A. Omarbekova, B. Yergesh, V. Franzoni
ARTIFICIAL INTELLIGENCE TECHNOLOGIES AND SOLVING 
SOCIAL PROBLEMS..........................................................................................78

A.B. Kassekeyeva, A.B. Togissova*, A.М. Bakiyeva, Z.B. Lamasheva, Y.N. 
Baibakty ANALYSIS OF COMPARATIVE OPINIONS USING
INFORMATION TECHNOLOGY........................................................................88

M. Mussaif, A. Kintonova, A. Nazyrova, G. Muratova, I.F. Povkhan
IMPROVED PUPIL LOCALIZATION METHOD BASED ON HOUGH 
TRANSFORM USING ELLIPTICAL AND CIRCULAR 
COMPENSATION...............................................................................................103

Zh. S. Mutalova, A.G. Shaushenova, G.O. Issakova, A.A. Nurpeisova, 
M.B. Ongarbayeva,  G.A. Abdygalikova
THE METHOD FOR RECOGNIZING A PERSON FROM A FACE IMAGE 
BASED ON MOVING A POINT ALONG GUIDES..........................................118



242

N E W S  of  the National Academy of  Sciences of  the  Republic  of  Kazakhstan

G. Nurzhaubayeva, K. Chezhimbayeva, H. Norshakila
THE DEVELOPMENT AND ANALYSIS OF A WEARABLE TEXTILE 
YAGI-UDA ANTENNA DESIGN FOR SECURITY AND RESCUE 
PURPOSES..........................................................................................................138

А.A. Oxenenko, А.S.Yerimbetova, А. Kuanayev, R.I. Mukhamediev, 
Ya.I. Kuchin 
TECHNICAL TOOLS FOR REMOTE MONITORING USING UNMANNED
AERIAL PLATFORMS.......................................................................................152

B.S. Omarov,  А.B. Toktarova,  B.S. Kaldarova,  A.Z. Tursynbayev,  R.B. 
Abdrakhmanov 
DETECTING OFFENSIVE LANGUAGE IN LOW-RESOURCE
LANGUAGES WITH BILSTM..........................................................................174

G.Taganova, D.A. Tussupov, A. Nazyrova, A.A. Abdildaeva, T.Zh. Yermek 
SHORT-TERM FORECAST OF POWER GENERATION OF PHOTOVOLTAIC 
POWER PLANTS BY COMPARING LSTM AND MLP MODELS.................190

Zh. Tashenova, E. Nurlybaeva,  Zh.Abdugulova, Sh. Amanzholova 
CREATION OF SOFTWARE BASED ON SPECTRAL ANALYSIS 
FOR STEGOANALYSIS OF DIGITAL AUDIO FILES....................................203

Zh.U. Shermantayeva, O.Zh. Mamyrbaev 
DEVELOPMENT AND CREATION OF HYBRID EWT-LSTM-RELM- IEWT 
MODELING IN HIGH-VOLTAGE ELECTRIC NETWORKS.........................223



243

ISSN 1991-346X                                                                                             3. 2024

МАЗМҰНЫ

ИНФОРМАТИКА
Ж.К. Абдугулова, М. Тлеген, А.Т. Кишубаева,  Н.М. Кисикова, 
А.К. Шукирова
САНДЫҚ БАСҚАРУ СТАНОКТАРЫНЫҢ КӨМЕГІМЕН ТАУ-КЕН-
ШАХТА ЖАБДЫҚТАРЫН АВТОМАТТАНДЫРУ...........................................5

А.А. Абибуллаева, А.С. Баймаханова
КІЛТТІК СӨЗДЕРДІ ШЫҒАРУДА МАШИНАЛЫҚ ЖӘНЕ ТЕРЕҢ 
ОҚЫТУ ӘДІСТЕРІН ҚОЛДАНУ........................................................................25

М. Ашимгалиев, К. Дюсекеев, Т. Турымбетов, А. Жумадиллаева
МУЛЬТИМОДАЛЬДЫ ДЕРЕКТЕРДІ БІРІКТІРУ ЖӘНЕ ЖАСАНДЫ 
ИНТЕЛЛЕКТ ӘДІСТЕРІН ҚОЛДАНА ОТЫРЫП, ТЕРІ ҚАТЕРЛІ ІСІГІН 
АНЫҚТАУДЫ ЖЕТІЛДІРУ................................................................................37

Д.С. Әмірханова, Ө.Ж. Мамырбаев
ЭЛЬ-ГАМАЛЬДЫҢ КРИПТОГРАФИЯЛЫҚ АЛГОРИТМІ:
МАТЕМАТИКАЛЫҚ НЕГІЗДЕРІ, ҚОЛДАНУ ЖӘНЕ ТАЛДАУ...................52

A.Ш. Баракова, О.А.Усатова, Ш.Е.Жусипбекова, Ш.М. Уразгалиева, 
К.С. Шадинова
ДЕРЕКТЕРДІ ҚОРҒАУДА  БЛОКЧЕЙНДІ ПАЙДАЛАНУ ЖӘНЕ 
ТЕХНОЛОГИЯНЫҢ КЕМШІЛІКТЕРІ.............................................................67

М.А. Кантуреева, Г.Т. Бекманова, А.С. Омарбекова, Б.Ж. Ергеш, 
V. Franzoni
ЖАСАНДЫ ИНТЕЛЛЕКТТІК ТЕХНОЛОГИЯЛАР ЖӘНЕ ӘЛЕУМЕТТІК 
МӘСЕЛЕЛЕРДІ ШЕШУ......................................................................................78

А.Б. Касекеева, А.Б. Тогисова, А.М. Бакиева, Ж.Б. Ламашева, 
Е.Н. Байбақты
АҚПАРАТТЫҚ ТЕХНОЛОГИЯЛАРДЫ ҚОЛДАНУ АРҚЫЛЫ 
САЛЫСТЫРМАЛЫ ПІКІРЛЕРДІ ТАЛДАУ......................................................88

М. Мұсайф, А.Ж. Кинтонова, А.Е. Назырова, Г. Муратова, И.Ф. Повхан 
ЭЛЛИПТИКАЛЫҚ ЖӘНЕ ДӨҢГЕЛЕК КОМПЕНСАЦИЯНЫ ҚОЛДАНА 
ОТЫРЫП, ХАФ ТҮРЛЕНДІРУІНЕ НЕГІЗДЕЛГЕН КӨЗДІҢ ҚАРАШЫҒЫҢ 
ЛОКАЛИЗАЦИЯЛАУДЫҢ ЖЕТІЛДІРІЛГЕН ӘДІСІ....................................103



244

N E W S  of  the National Academy of  Sciences of  the  Republic  of  Kazakhstan

Ж.С. Муталова, А.Г. Шаушенова, Г.О. Исакова, А. Нұрпейісова, 
М.Б. Оңғарбаева, Г.А. Әбдіғалықова
НҮКТЕНІ БАҒЫТТАУШЫЛАР БОЙЫМЕН ЖЫЛЖЫТУ НЕГІЗІНДЕ 
АДАМДЫ БЕТ БЕЙНЕСІ АРҚЫЛЫ ТАНУ ӘДІСІ.......................................118

Г. Нуржаубаева, К. Чежимбаева, Х. Норшакила
ҚҰТҚАРУ ҚЫЗМЕТІ МАҚСАТЫНДА КИІМГЕ ОРНАЛАСТЫРЫЛАТЫН 
ТЕКСТИЛЬДІ ЯГИ-УДА АНТЕННАСЫНЫҢ  ДИЗАЙНЫН ҚҰРУ 
ЖӘНЕ ТАЛДАУ.................................................................................................138

А.А. Оксененко, А.С. Еримбетова, А. Куанаев, Р.И. Мухамедиев,  
Я.И. Кучин
ҰШҚЫШСЫЗ ӘУЕ ПЛАТФОРМАЛАРЫН ПАЙДАЛАНАТЫН 
ҚАШЫҚТАН МОНИТОРИНГ ЖҮРГІЗУ ҮШІН ТЕХНИКАЛЫҚ 
ҚҰРАЛДАР.........................................................................................................152

Б.С. Омаров, А.Б. Тоқтарова, Б.С. Қалдарова, А.З. Турсынбаев,  
Р.Б. Абдрахманов
БЕЙӘДЕП СӨЗДЕРДІ АЗ РЕСУРСТЫ ТІЛДЕРДЕН АНЫҚТАУДА 
BILSTM- ДІ ҚОЛДАНУ....................................................................................174

Г.Ж. Таганова, Д.А. Тусупов, А. Назырова, А.А. Абдильдаева, 
Т.Ж. Ермек
LSTM ЖӘНЕ MLP МОДЕЛЬДЕРІН САЛЫСТЫРУ АРҚЫЛЫ ФОТОЭЛЕК-
ТРЛІК ЭЛЕКТР СТАНЦИЯЛАРЫНЫҢ ЭЛЕКТР ЭНЕРГИЯСЫН 
ӨНДІРУДІҢ ҚЫСҚА МЕРЗІМДІ БОЛЖАМЫ..............................................190

Ж.М. Ташенова, Э. Нурлыбаева, Ж.К. Абдугулова, Ш.А. Аманжолова
САНДЫҚ АУДИОФАЙЛДАРДЫ СТЕГО ТАЛДАУ ҮШІН СПЕКТРАЛДЫ 
ТАЛДАУ НЕГІЗІНДЕ БАҒДАРЛАМАЛЫҚ ҚҰРАМДЫ ҚҰРУ....................203

Ж.У. Шермантаева, О.Ж. Мамырбаев 
ЖОҒАРЫ КЕРНЕУЛІ ЭЛЕКТР ЖЕЛІЛЕРІНДЕ ГИБРИДТІ EWT-LSTM-
RELM-IEWT МОДЕЛЬДЕУДІ ДАМЫТУ ЖӘНЕ ҚҰРУ................................223



245

ISSN 1991-346X                                                                                             3. 2024

СОДЕРЖАНИЕ

ИНФОРМАТИКА
Ж.К. Абдугулова, А.Т. Кишубаева, Н.М. Кисикова, А.К. Шукирова
АВТОМАТИЗАЦИЯ ГОРНО-ШАХТНОГО ОБОРУДОВАНИЯ С 
ПОМОЩЬЮ СТАНКОВ ЦИФРОВОГО УПРАВЛЕНИЯ……………………5

А.А. Абибуллаева, А.С. Баймаханова
ИСПОЛЬЗОВАНИЕ МЕТОДОВ МАШИННОГО И ГЛУБОКОГО 
ОБУЧЕНИЯ ПРИ ИЗВЛЕЧЕНИИ КЛЮЧЕВЫХ СЛОВ………………….....25

М. Ашимгалиев, К. Дюсекеев, Т. Турымбетов, А. Жумадиллаева
СОВЕРШЕНСТВОВАНИЕ МЕТОДОВ ВЫЯВЛЕНИЯ РАКА КОЖИ 
С ИСПОЛЬЗОВАНИЕМ МУЛЬТИМОДАЛЬНОГО ОБЪЕДИНЕНИЯ
ДАННЫХ И ИСКУССТВЕННОГО ИНТЕЛЛЕКТА……………………....…37

Д. С. Әмірханова, О. Ж. Мамырбаев
КРИПТОГРАФИЧЕСКИЙ АЛГОРИТМ ЭЛЬ-ГАМАЛЯ: 
МАТЕМАТИЧЕСКИЕ ОСНОВЫ, ПРИМЕНЕНИЕ И АНАЛИЗ…………....52

A.Ш. Баракова, О.А. Усатова, Ш.Е. Жусипбекова, Ш.М. Уразгалиева, 
К.С. Шадинова
ИСПОЛЬЗОВАНИЕ БЛОКЧЕЙНА ДЛЯ ЗАЩИТЫ ДАННЫХ И
НЕДОСТАТКИ ТЕХНОЛОГИИ…………………………………………….....67

М.А. Кантуреева, Г.Т. Бекманова, А.С. Омарбекова, Б.Ж. Ергеш, 
V. Franzon
ТЕХНОЛОГИИ ИСКУССТВЕННОГО ИНТЕЛЛЕКТА И 
РЕШЕНИЕ СОЦИАЛЬНЫХ ПРОБЛЕМ……………………………………...78

А.Б. Касекеева, А.Б. Тогисова, А.М. Бакиева, Ж.Б. Ламашева, 
Е.Н. Байбақты
АНАЛИЗ СРАВНИТЕЛЬНЫХ МНЕНИЙ С ИСПОЛЬЗОВАНИЕМ 
ИНФОРМАЦИОННЫХ ТЕХНОЛОГИЙ…………………………………….88

М. Мусайф, А.Ж. Кинтонова, А.Е. Назырова, Г. Муратова, И.Ф. Повхан
УЛУЧШЕННЫЙ МЕТОД ЛОКАЛИЗАЦИИ ЗРАЧКА НА ОСНОВЕ
ПРЕОБРАЗОВАНИЯ ХАФА С ИСПОЛЬЗОВАНИЕМ 
ЭЛЛИПТИЧЕСКОЙ И КРУГОВОЙ КОМПЕНСАЦИИ………………..…..103



246

N E W S  of  the National Academy of  Sciences of  the  Republic  of  Kazakhstan

Ж.С. Муталова, А.Г. Шаушенова, Г.О. Исакова, А.А. Нурпейсова, М.Б. 
Онгарбаева, Г.А. Абдыгаликова
МЕТОД РАСПОЗНАВАНИЯ ЧЕЛОВЕКА ПО ИЗОБРАЖЕНИЮ ЛИЦА НА 
ОСНОВЕ ПЕРЕМЕЩЕНИЯ ТОЧКИ ПО НАПРАВЛЯЮЩИМ……………118

Г. Нуржаубаева, К. Чежимбаева, Х. Норшакила
РАЗРАБОТКА И АНАЛИЗ ДИЗАЙНА ВСТРАИВАЕМОЙ ТЕКСТИЛЬНОЙ 
ЯГИ-УДА АНТЕННЫ ДЛЯ ПРИМЕНЕНИЯ В СФЕРЕ СПАСАТЕЛЬНЫХ 
СЛУЖБ..............................................................................................................138

А.А. Оксененко, А.С. Еримбетова, А. Куанаев, Р.И. Мухамедиев, 
Я.И. Кучин
ТЕХНИЧЕСКИЕ СРЕДСТВА ДИСТАНЦИОННОГО МОНИТОРИНГА
С ПОМОЩЬЮ БЕСПИЛОТНЫХ ЛЕТАТЕЛЬНЫХ ПЛАТФОРМ……….152

Б.С. Омаров,  А.Б. Токтарова, Б.С. Калдарова, А.З. Турсынбаев, 
Р.Б. Абдрахманов
ИСПОЛЬЗОВАНИЕ BILSTM ДЛЯ ОПРЕДЕЛЕНИЯ ОСКОРБИТЕЛЬНОГО 
ЯЗЫКА В ЯЗЫКАХ С НИЗКИМ УРОВНЕМ РЕСУРСОВ…………......….174

Г.Ж. Таганова, Д.А. Тусупов, А. Назырова, А.А. Абдильдаева, 
Т.Ж. Ермек
КРАТКОСРОЧНЫЙ ПРОГНОЗ ВЫРАБОТКИ ЭЛЕКТРОЭНЕРГИИ 
ФОТОЭЛЕКТРИЧЕСКИМИ ЭЛЕКТРОСТАНЦИЯМИ ПУТЕМ 
СРАВНЕНИЯ МОДЕЛЕЙ LSTM И MLP.........................................................190

Ж.М. Ташенова, Э. Нурлыбаева, Ж.К. Абдугулова, Ш.А. Аманжолова 
СОЗДАНИЕ ПРОГРАММНОГО ОБЕСПЕЧЕНИЯ НА БАЗЕ 
СПЕКТРАЛЬНОГО АНАЛИЗА ДЛЯ СТЕГОАНАЛИЗА ЦИФРОВЫХ 
АУДИОФАЙЛОВ...............................................................................................203

Ж.У. Шермантаева, О.Ж. Мамырбаев 
РАЗРАБОТКА И СОЗДАНИЕ ГИБРИДНОГО МОДЕЛИРОВАНИЯ 
EWT-LSTM-RELM-IEWT В ВЫСОКОВОЛЬТНЫХ ЭЛЕКТРИЧЕСКИХ
СЕТЯХ................................................................................................................223



Publication Ethics and Publication Malpracticein 
the journals of the National Academy of Sciences of the Republic of Kazakhstan

For   information   on   Ethics   in   publishing   and   Ethicalguidelines   for   journal   publication   
see http://www.elsevier.com/publishingethics and http://www.elsevier.com/journal-authors/ethics.

Submission of an article to the National Academy of Sciences of the Republic of Kazakhstan 
implies that the described work has not been published previously (except in the form of an abstract or 
as part of a published lecture or academic thesis or as an electronic preprint, see http://www.elsevier.
com/postingpolicy), that it is not under consideration for publication elsewhere, that its publication 
is approved by all authors and tacitly or explicitly by the responsible authorities where the work was 
carried out, and that, if accepted, it will not be published elsewhere in the same form, in English or in 
any otherlanguage, including electronically without the written consent of the copyright-holder.  In 
particular, translations into English of papers already published in another language are not accepted.

No  other  forms  of  scientific  misconduct  are  allowed,  such  as  plagiarism,  falsification,  
fraudulent  data, incorrect  interpretation  of  other  works,  incorrect  citations,  etc.  The  National  
Academy  of  Sciences  of  the Republic of Kazakhstan follows the Code of Conduct of the Committee 
on Publication Ethics (COPE), and follows the COPE Flowcharts for Resolving Cases of Suspected 
Misconduct (http://publicationethics.org/files/u2/New_Code.pdf). To verify originality, your article 
may be checked by the Cross Check originality detection service http://www.elsevier.com/editors/
plagdetect.

The  authors  are  obliged  to  participate  in  peer  review  process  and  be  ready  to  provide  
corrections, clarifications,  retractions  and  apologies  when  needed.  All  authors  of  a  paper  should  
have  significantly contributed to the research.

The reviewers should provide objective judgments and should point out relevant published works 
which are not yet cited. Reviewed articles should be treated confidentially. The reviewers will be 
chosen in such a way that there is no conflict of interests with respect to the research, the authors and/
or the research funders.

The editors have complete responsibility and authority to reject or accept a paper, and they will 
only accept a  paper  when  reasonably  certain.  They  will  preserve  anonymity  of  reviewers  and  
promote  publication  of corrections,  clarifications,  retractions  and  apologies  when  needed.  The  
acceptance  of  a  paper  automatically implies the copyright transfer to the National Academy of 
Sciences of the Republic of Kazakhstan.

The Editorial Board of the National Academy of Sciences of the Republic of Kazakhstan will 
monitor and safeguard publishing ethics.

Правила оформления статьи для публикации в журнале смотреть на сайтах:
www:nauka-nanrk.kz

http://physics-mathematics.kz/index.php/en/archive
ISSN2518-1726 (Online), 
ISSN 1991-346X (Print)

Директор отдела издания научных журналов НАН РК  А. Ботанқызы 
Редакторы: Д.С. Аленов, Ж.Ш.Әден 

Верстка на компьютере Г.Д.Жадыранова

Подписано в печать 30.09.2024.
Формат 60х881/8. Бумага офсетная. Печать –ризограф.

15,5 п.л. Тираж 300. Заказ 3.

Национальная академия наук РК
050010, Алматы, ул. Шевченко, 28, т. 272-13-19


